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uni 2 — Skill Stack NAaddinauas195zuU Al 234

Haymiigeuglusin “Al roadmap”

sU$19v04 stack: 3 Layer uagvinuaiiddudidiny
10 9119 skill i Al Engineer 253

T-Shape: nf1annuuan anlumnadildase
Self-Assessment Worksheet: 11 Gap 8307194
6-Month Roadmap

Common Traps ‘ﬁﬁ’ﬂ,ﬁ roadmap W4

Quick Recap
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uni 3 — Machine Learning uuuldaunginmians

Wademauiivansaundiazaiueenufa

ML Tunwiau — 3eswes pattern lailvgns

Train vs Inference — wilaussun1ensenge vs Tin1wdngy
Overfitting — tniSeuiiviesdeseuildnuaudaauasenn

ML Pipeline — lAuN198308aa1nAuN19a4 output

]
=

Metric NdAey — wazillolusndulnun

o W o

luFesiidrdandmsuau LLM (@zwiuldun 4)
Try this: {Wa model card niislu udasey task v metric
asnneedlila

Mini Glossary — 15 A1913z190na0ALay

‘uwﬁ 4 — 310 Neural Network g,i Transformer wag LLM
Foundudug dewdises: neural network Aeezlsiuu
RNN uag LSTM: annundeiifnmanu
Attention: leifefiuandanynesns
Transformer (2017): 1@1 recurrence ganvIAUA
Timeline: 64 %%aq%uﬁhuﬁdasq HDAUATU
Pre-training vs Post-training: “138un1¥1” AU “l38uu159”
304 "emergent abilities” fidaadnlrinsuiisassdiu
Try this: 1Ua model card ¥84 Llama 3 234
Aafimsiunauly
magexluundaly

A msulasneeniseunaannmseil



unii 5 — LLM siraruedndlsluyu Engineer

vinlu call @9989wanin call wsn 26 win
Token: #1187 LLM wa41iiuasas

Tokenization: w1 lng vs nu1du (H21avasa)

1 [ 1
aa A S o w

Context window: ITRg¥i91uNTNUNIING

! (3
A o

LLM generate fiag token — uagyirluSesiidrdsola
Temperature, Top-P, Top-K: Qmﬁ'ld'mﬁ'mﬁ'ﬂ

vinlu Temperature = 0 Ags “laiwindu 100%"

System prompt: maaﬁagﬂiuu‘l&”zmaamam (wagAnuNN call)
Prompt Caching: 38318@1 system prompt 10%

Latency: TTFT, TPOT uazezlsi engineer Auld
Worksheet: A1uaas cost project VDAL

iU token Lo4: Python script #l4lda3q

fafimsitunauly

mawauldundaly

Unii 6 — @319 LLM App usn@ae APl uay Code
50 ussTiusniivaduduese
rewdsu code: T key aglufivosiy
API call usn: 15 ussvinivinaule
\don SDK luiu: decision tree
Streaming: vinla UX sinsfulaedi compute i
Error ﬁ%zmaﬁf‘?a: rate limit, timeout, retry
Mini project: file summarizer Tu <100 Uss9in
Logging flaznaneidiu eval set Wj\iﬁ
Quick recap

f9a1Nil



unii 7 — Prompt Engineering dm3usuass
vl prompt Auislu ChatGPT weld API wawa
Prompt fia code ldluinuuns
System prompt = JD weswiing Ul
Few-shot: Tdiilesndu lalannads
Prompt Template Library: 5 patterns 17;1%'1]68
Structured Output: 910 “JSON-ish” 1Ug JSON #i§uuseiiu
Tool Calling: 1% model “Insmunundu”
Chain-of-Thought (CoT): ymum‘ﬁ honest
Fusniiwuvos
Try this: Extract structured ticket Tu 20 w1

agudue

unii 8 — RAG: T Al mausnnienatsuazaauuais,
RAG 9349 Aeezls — uazassmnumuneiivuiu
Pipeline 7 4: AafiAnduasslan
8 9afi RAG Watas — uagisAni3es debug
Chunking strategies: fingalslsinnunanglinie
e "“Ruadauda” Gilsine: Reranking wag Citation
Prompt vs RAG vs Fine-tuning — Lﬁanaﬂﬂﬁavlm'
diolnsii T aasld RAG
Minimum Viable RAG: 75 ussviniilaifl framework
Try this: 134 RAG usnvesamunielu 1 42luq

asudu



uni 9 — Embeddings, Vector Database tlag Retrieval Pipeline

Embedding Aawifin GPS v84A21uMuNY

na1m embedding model: APl vs Open-weight
¥1lu embedding model dlngdountwilneg (waziitlisew)
Similarity metric: cosine, dot product, L2
Vector Database Landscape

Embedding Model Selection Checklist

Hybrid Search: vinly semantic agnadenline
Reranking: cross-encoder vHu quality gate
Decision Tree: Debug retrieval feonuug
a049¥1": LU embedding model 2 fhuunelng
a'§U§'u

unsald

unfi 10 — Evals: Saaainw Al App agnslsTignituese
vinla unit test finauduingldiu LLM Tailé
Eval Workflow ivinl@essluineiiien
(53 eval set vadAmsIe 10 cases
andsliasuuw: @onsuilvunsiuaniunisel
Regression test: ﬂ;ﬂﬁ engineer $1991n hobbyist
\Weu eval harness vasnanaslulifia 60 ussiin
RAG eval = retrieval eval + generation eval
Agent eval — pass@k vs pass™k
Fusniiiiuuesuazisuan

Quick recap



UNN 11 — Local LLM: Sulutnauutasainates

vilu Local LLM fsdasylul 2026
Auaseildiilaseennuen: local # frontier

Cloud vs Local vs Hybrid: 1ienagdls
Hardware: #i1lyu RAM fA® ”ﬁﬁ]amﬂsuaﬂuma"
GGUF: format u1w9g1uved local LLM
Quantization: Gulunalisulauu hardware a5
\@en runtime: Ollama vs llama.cpp vs LM Studio
asilevin: finda Ollama warSulumadausn
mMuwlne: denlunaluuf

Ollama Command Cheat Sheet
Fodiniisesiioumaniafu

Try this: pull, run, gy 3 prompt

Quick recap

uni 12 — Local LLM Operations: 8uian wasuluna nadeu uazguassuulntadys

Local LLM = Software + Model (fiasquaniaadaeing)

Model Lifecycle: 1aon - nngau - wW3suiisu - Deploy = Monitor - Update - Rollback/
Replace

Model Inventory = é’Lﬂéaaﬁaﬂi’N

Naming + Versioning Convention

Update Runtime — Pin Versions, Read Release Notes
Update Models — Mini Eval Set nau Blind Pull

3 1309934 engineer NnALAITS

Rollback Strategy — Ollama, llama.cpp, HuggingFace
Checklist: Rollback Local LLM

Multiple Model Strategies — Per-task Aliases wag Hybrid Routing
Troubleshooting Checklists — 6 g1nsiiteees

Cloud / Local / Hybrid Decision Matrix v2

Cleanup wag Reproducibility — vi"lLﬁaamﬂmaaﬁaLm
agﬂﬁy’u

Try this — vg182849 Ch.11



Ui 13. Final Project: @514 Local RAG Assistant 984/7129

AMNSIUNDUASIWALLBEA: 7-step build journey
vilwden stack # (LazFmeudmsu interviewer)
Project structure — 12 'lnéfiazata

Step 1— Setup: 13udiugae 5 A&

Step 2 — Ingest: load - chunk - embed - store
Step 3 — Retrieve: similarity search ﬁLﬁumw

Step 4 — Generate: prompt fidsdul#8198e context
Step 5 — Eval: 10 cases #iusnldissuuiiatunsoudaa
Step 6 — API: FastAPI + auth + structured log

Step 7 — Containerize: Dockerfile ﬁé?u 8 UsSIN
Security & Privacy Checklist — mapped to OWASP LLM Top 10 (2025)
Deployment Checklist — Aau push i GitHub
Portfolio Readiness Checklist — vil# “angla”
What's next — roadmap 6 LA9UNAIIINIEUIU

Unving
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liifUdou nisazviligonduas “Wilantun” au neudiausnenals wseasUdesyaumeaals dudunu

N aw Ao < J o a ¢ @ 4 o Xd o v a v v Y ~ o 1% ]
veuiinddenil GPU Jurhsuasinadinmansifuviod Julldufedusuduldaag AP key wiladaiulanl
aa @ a q o v ' | " < " v o & Y
nauussia YalAsuililinaAvesudien — a1n “n1sinlama” lug “nisuszneulumadisaguidaiu
syuuasaliltaula” uasaunvinaunsesesseilfedsnisnisendn Al Engineer

wilsdoduilifeutudmiulusunsuwesuazauas tech Tulvetesnninudngdans Al eghadussuu iy
nslanu buzzword uieviesdeirsasiielusinnduani uiiliunnsasns mental model filognuninasesiio
wiolviile framework 1asu Tunadsu wiesan token Wasu aududndulagnlddedaies wumees
\auiine concept-first — lavdnnnsiou uéllda Python WuiesietaUsznou laflfanves
30

@umalu 13 U‘mgnaanuuuiﬁ@usiaﬁ'uﬁu%y’u i3ua1nnsvitaudaladn Al Engineer singann ML
Engineer, Data Scientist wag Software Engineer ae14ls uazdasd skill stack wuuluu mnﬁuﬂv‘%u
Machine Learning wuuldauadinaans laann neural network a Transformer wag LLM LW’eﬂMWM’J’]
Immamsﬂwmu “An" amﬂﬂuumanmni Luawumuuuuua's Lauuﬁ]“wwawaasa — @519 LLM app
usnaae API, Bl prompt engineering @%5u41u production, sieaae RAG LW@SI‘VI Al nauanenasay
AUFVDUTND w¥au389 embeddings way vector database ﬁa&hﬁamé’a

ady

mwawawmamuummwnmmLauaaﬂmﬂmmaia fufensiananaznnsgUasTUY UN Evals aaeuiss
71 Al app Y8451 "ﬂ‘lluf\]’ixi" ‘Viiarmgamﬁmju d@2uun Local LLM wag Local LLM Operations aznlusu
TuAaULATELeY MeunUE$AAS dANns quantization uazqualmealiadesTussezen uasliaving
¢ Final Project fisaunnagnadndieiudu Local RAG Assistant finauinludesaadunasmily

portfolio laviuf

1o & v 1 a 1 = . Y v 14 = 1y o
Tidnlusesgusinfierau wiazunil checklist, m1519 waznnsenaulinduunlddnlamiloudiiovinau
vaigInainugunsilisulusunsuuazaueInasiionn dunmvae Aee § Usznauluiiastu wiloun Al
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unii 1 — Al Engineer Aatastugna LLM

\au dev &4 link w1lu LINE powaiuvu:

“§ fiunids ‘Al Engineer’ 1U3emnUnsuil dufeezlsiuwi sinsain ML Engineer asaluuig?
requirement siun Python, LLM API, RAG, evals, FastAPI — lsitiufl TensorFlow lsitfiuiiaglsi
Quilou ML ag”

aanalla job posting g iudeanuiigmiieusienisidieuagladuuvianun ualdnesiuegludumis
e udninduanldin... aumsulissn

dnazmauliindes Audesuanlain Al Engineer viezlsluiurinauass d19ain ML Engineer #iln model
gl4 61991 Data Scientist MAs1ERvayadle uazs19an SWE 1l Copilot niudsla ladlvlisuuuy
marketing usiuiisnuuuviildneuiineula

UNUABAINBULL — UaZAINBUAIUSUAININTIANDIAILLALATUABIRUS A8 “Uadls1aglnaunum
lnunga?”

q

miu role Tiwvlnautuisas$usvnnau

drnuassiindounauluua 3 Unew — Uanel 2022 — A1in “Al Engineer” unulaiiu job title filasiiulu
LinkedIn tag

Taflawsrzauladvinaunu Al sviuane ML fiununuuds widinaez “@519 Al product” Tupeuiiu Audesiives
wiau 3 ag14: iu ML, GPU d1uaunily, uagiiaiin model nanaihou aunaluideu backend aghe il
Wudunilsvesnisaununil

waaluan 8 ieu ynegeniUasy

* 30 WgAIN1wU 2022 — OpenAl Wi ChatGPT gldnza 1 duaulu 5 1 nzg 100 duaulu 2
U

« 1{lunAu 2023 — OpenAl 1Wa ChatGPT API 1% developer i3 lUSenld s1m1 $0.002 o 1,000
tokens. asaiiAe moment 7 “build Al ugailufanssuvesiiu ML — sunaneidu HTTP request i
Tasnneunduanlaluuieifen

* 30 digu1su 2023 — Shawn “swyx" Wang Lugunsises The Rise of the Al Engineer uu Latent
Space ww1dwunni1dl practitioner ntjwﬁaﬁ build product 728 LLM APl + open-source tools 11
Fnwnuds widsldfideen wedaly

* flanAd 2023 — Al Engineer Summit ﬂ%ﬂuiﬂ%’ﬂﬁ San Francisco angnuaviuyinlg applicant ratio
10:1 (AuELAS 10 AUADTTS 1 ﬁ)

10



* uns1AN 2026 — LinkedIn @8n518414 Jobs on the Rise 2026 (3As1%91ua29 Jan 2023 - Jul
2025) s2yi1 Al Engineer ﬁam%wﬁtﬁu‘lmé'sﬁqmé’uﬁu 1Tuansgesni § 75,000 siunialnlugas
v
Sodanaiinsfivls: satavenn Linkedin Wunana US winsiu lailaflne nanelnedslsifisnesy salary 3o

demand AiWun1s8udiu — atAuneds “demand ves Al Engineer Tulneg” dwlvegjdaluaiuidn ladly
data

] A a a @ o . 1 a v
ws pattern lusyiinluseu 3 Uadauin: foundation model wiaulduan AnuArmadanssuiaedieain
"aua31e model” lUagi "auuszyndld model” waz role 1% Al Engineer Miinduiivesassuauluguiiu

¥
v A

Key idea: Al Engineer lailaiiamnsisiilasnstonau uanamsiziinuvinauluwuulndnaunaide
ADYUNINAY

aewntsldassviudumviu

(= 2\ ( =)\
@ Wwwavugu / LLM API s:uuBaWdDS /
Backend API
API l [ .......
: : 7 N\ = = ~
LLM Embedding Tueadu q = uSmis assNgsio Fudoya
\ — | Al Engineer |- /
donuaSentdluoanikuzau 20NUUU API 1a:055n:5:UU
Wiu API Woudanululoaua:doya
/ N s N
doyauaztonans / Tongn(s /
Knowledge Base ¢ > < > Product Requirements
Gouasomsioya wloloymadiing
walk f\l whlo vool13 1ioooNIUY
uSunfigndioo sanuuu wauluoauass:uuidy Ussaumsaiiooulong
Tnareilluwdasiour Al Algowldese
wnas FwAWE | ukavdoya Unysr wWhrune dodia
L ) 1 L Y

© Deploy / Monitor / Eval

Gadoldouosy whs:3o
f Se NU W 'i eeo uasUs:iiunasgwdattion
| 11

WausuUses:uulkdtu

Deploy Monitor Eval

Uss@ndmw | Aumwiicou | dunu/Mmidsw | anwlasade

fazlvtenuuuunneuiaulalu 30 3unil — Al Engineer fae:

]
1 4

JAInsNLen foundation model Nilogial (W1 APl 4158 open-source) 11UsgndULINAU System 954

u
=)

TauAlgymnenizianzasweglinsonsansle

11



Chip Huyen aSunglumnilsde Al Engineering (O'Reilly, 2025) 91 Al engineering ISuduRn product
idea uanmAeeLAulunn data uag model — f1931n ML engineering WUUIRLTISH9IN data uaz training
nau. Tun1sd1siavause §as1e LLM app d@aulugjuanin “Al Engineering” Aorinsafudefinaniuvin
mﬂﬁqm

amﬁnmwuwﬁ— 31Uv94 Al Engineer Aa1891uv84 backend engineer ﬁﬁ'la'mﬁ'u PostgreSQL ﬁ}m"lu'
19Wsu database engine 183 AAFINBBAKUY schema Weu query #ifiuszanSaw tune index den
connection pool l5inssfiu load uazde database WU application Mwde Winwehiildaanisldvedli
Tailensadrevostuunlg

Al Engineer Awuutignfiu uavindu LLM unu

#s0i1v8aU analogy uanlan software — Al Engineer willowwniliugninies laideslaies liun
WAIBIMALRY uAsIniaanIngaulinssiuiy S3nldmusazyin STunsunvinlinnagiudniu uddianu
panlufgnAiulaase auAmamuneginis compose laldfinisugningau

UneAUISEn role 131 “full-stack developer aasga LLM" liifin — s1zdunseunquasusida backend
(Sun LLM API, 9 RAG pipeline, @anuuu eval), ila data (chunking, embedding, retrieval), lUuaufisils
product (a@nwuu interaction NldaulAasa)

VIURSY — “Sudvms” uav Al Engineer Aukliv

fogresaluilidu daunisalauyiusznauainaiueielunenis (composite scenario) lailydufinuas
yARALAYAAANTS

9:00 u. — ¥iu customer support @1 alert 1131 chatbot neURAUBETUAIATULETS AaNTA
monitoring dashboard Win answer quality score anas 18% 131 debug

9:30 u. — 7533 RAG pipeline wui1#ia content 8Ulnan FAQ atuluilioudns vuin document
WNa1n 12 niiwdu 47 widh chunking strategy W@uiinald 500 tokens/chunk mauiiviali chunk
#9ATOURANY topic — retriever LAUAINIAA section

11:00 u. — U5u chunking Tvailvidu section-aware (split a1uada H2) re-index $u eval set 20
cases MAuls w1unn case Deploy

13:00 u. — il luallu Jira: PM ae1nlsi chatbot i order status 'I& Aau3L prototype #e tool
calling — % LLM 1380 get order status(order id) unuiiezmoutes

15:30 u. — Weu 10 eval cases @ wsu feature Tusl (case Un#, order ldiwu, order ID format i,

;ﬂﬁlﬁﬁﬁwéﬂ, 218) deploy U staging uug link Tu PR 14337

u

Funmezlsluu? eI — debugging, building, evaluating, deploying 11ifi gradient descent, il
hyperparameter sweep, l1iil training loop #5uA19AL $1uillng software engineering unnn31 ML
research

1iAe shape w8391U Al Engineer

12



chvon ML Engineer / Data Scientist / Software Engineer 8volv

Al Engineer ML Engineer Software Engineer

Data Scientist

e aswual
e API / Services
e Infrastructure

e Train luioa
e Optimize
e Serve luloa

e as1 LLM Apps
e RAG /Agents
e Eval/ Deploy

N &

- ® JiasnKioya
- * Kigduuu
e asu insight

2 i i : . ?: implement
i tﬁ(‘]l:tt::'so g:\:lr%ljltZa aenuon featu'r)e
Usz915u : : a:lsis? i
agwls? agwls? 2g0l(s?

= LY Y a &) i

dlﬁ 1 1 = L4 dl ¥
UABAIUNAUAUAUNUNINNEN — LLazLﬂumumm%%mamwau"lﬂ

) Al Engineer ML Engineer Data Scientist Software
Engineer (17|"1"|,1J)
Aanunanluudaz  “azse LLM Wnfiu "9¥@519uay serve  “data venezlsisn? | “ag implement
u system Hdslls model il% scale pattern vy feature H8ala?”
Taula?” uay reliable 18 dAny?”
gala?”
m%"mﬁavié'n OpenAl/ PyTorch/ Jupyter, pandas, IDE, Git,
Anthropic SDK, TensorFlow, Ray, SQL, sklearn, framework va9
LangChain/ MLflow, Tableau, dbt project, CI/CD
Llamalndex, SageMaker/
vector DB Vertex,
(Qdrant/Chroma/ Kubernetes
pgvector),
FastAPI, eval
framework
Naﬁwéﬁdmau LLM app, RAG Training pipeline, Dashboard, Application, API,
system, Al agent, custom model, report, insight, service,
eval pipeline, Al- inference API, statistical model infrastructure

powered feature

model monitoring

13



=1
3)

an math ualviu

an ML waluu

Al Engineer

A1-nang (1nle
concept wa lsifiaq
derive @un1s)

nag (LLM
literacy, RAG,
evals — ualifas

ML Engineer

a4 (linear
algebra, calculus,
optimization)

a1 (train,
optimize, deploy
custom model)

Data Scientist

AN
(statistics,
probability,
causal inference)

nag
(classification/
prediction model)

Software
Engineer (11)

#in (algorithm
design Wugw)

a1 (19 Al tool 978
Weulan)

train model 184)

Surauisuein User problem / Model Business Feature request /
product performance question bug report
requirement metric

dy M v 1aa dl dl v a
ﬁ’]iﬂﬂu@!ﬁﬂﬂiﬂﬁl‘ﬂﬁﬂﬂ — LLAUDNUA1ULIDINADILETY

Al Researcher lil&oglunmssilinsziiu role flogauaz layer aslusn aunguilvinawil research lab
i Anthropic Research, OpenAl Research, Google DeepMind, FAIR ﬁqﬁdwa‘uﬁa research paper,
model architecture Tvisi, 3@ algorithm Inai @awlviajau PhD u3ooglu research track fawsdu dam
au3n “Al Researcher 19a1n Al Engineer §3le?" fnauduq #e — Researcher anun “aetidululd
Tww? ¥i1lu?” dau Engineer nwdn “model fifegfillduftamillasiler”

SWE ﬁ"h’f Al tools (Copilot, Cursor, Claude Code) 3u9z overlap Au Al Engineeriuﬂiaqﬁ YBULUA
5eMIne “dev Al Al viau” fu “dev fiadna Al feature” Ardaidouans InslawisAudei swyx 13onin
“ibe coding” 337inuBsAe fnunanvesnuAe d1 feature A5 LLM aglu critical path (Lailauald Al
478 refactor) Qmﬁﬁmiﬁlné’ Al Engineer &2 swyx Laqmﬂﬂiziaﬂuﬁaﬁwu%au: “Someone will pay
you to Al Engineer, no one will pay you to Vibe code.”

Qddlﬁdl 1 . . | a 1 dldl ald' oy ogoge v
’JﬁVILS’JVI?jﬂGLuﬂ’]Sa"Iu job posting 714uAd role Vlmufai\‘ls‘] — 9YIANYINTIULNALUY TM@V] responsibilities a1

YA

duuanII train model, optimize inference, distributed training #WufA® ML Engineer a1siuuanin build
LLM app, RAG, agents, evals, deploy #iufa Al Engineer ansdiuueani analyze, find pattern, present
insight uAe Data Scientist

G2261vosv 2 chukudvn verify 1Ta
liifioaianisnsegaifien 119 job posting 934MiUnaga34
Anthropic - Applied Al Engineer (London)

Auraulade Anthropic 1uU¥w# @514 Claude 109 — 19 compute unnanalunns pre-train uag post-
train wALIaANINII1e Applied Al Engineer requirement ndutdu:

o Uszaunisal 4+ mugmz Software Engineer #38 Forward Deployed Engineer

o Uszaunnsalase LLM application Tusgeu production (prompting, agents, evals, deployment)

14



o Python proficiency

« ¥uiugnAaIu technical 1o

1 v " Y . 1 =) & . . L4 ¥ 2/ .
lsifideluuszyindoams train model unnoulay uAalUils pair programming ﬂ‘UQﬂﬂ’ﬂM build Uy

9

Claude API ¢, @314 eval suite, WWeu tutorial wag sample code, 3m hackathon

wiususEniase foundation model 1ae A role wundusu “application layer” — wagiiu@e Al
Engineer

Vercel - Al Engineer

Vercel Aou3uniivin Next.js uag hosting platform t1aamwaniandng Al Engineer $1ufe design
prototype interaction paradigms Tusig115u Ul generation wag code synthesis fasn1sussaunisaliu
LLM (OpenAl, HuggingFace) uan frontend stack (React, Tailwind)

fsgsiiuanda Al Engineer laidnlusioaiu backend/ML specialist tdus — ulsiumniagns
intersection w4 product + LLM + frontend anunsngvas role dunuinusenenluneinluulu stack

Key idea: ag16indu role 91ndasunus — 814 responsibilities La01431 “Tuvine1uasnosdueou
ayls?”

AU HRaNudvAUDE DU

Aoudzifiune finule 3 sgenueUsELIN — wazyndUTzasAWLAL 11 “wsanazisu” Punuiudndy

AWIED 1 “doviatiamaasanivo:ilu Al Engineer 16"

AMUYNNNAINNITAIRAIEALSUANEN Al H1untiade ML wuu academic MAuludeaunis waliiu
gradient descent walntaniisde

TunaUjUR Al Engineer Aain1s quantitative thinking lild mathematical derivation disaadnla
= =l . o N U . oy o . k4

fia — token Avayls, embedding space viaudslsluseau intuition, accuracy/precision/recall T¥mou
lny, vitlu benchmark X fin31 Y TuuSunil gausies interpret metric 16 lailawgadn metric dugndvang
stat

suilluildudainliufesd math e — duuladn bar Wasu e debug Python 16 @uae percentile 1
T wila probability sefusiseu Al foundation wewd ML researcher ABAUNIABIAIANNITUY WAL
wulilyauneuiiasadas

AWIGD 2: “Al Engineer fiu ML Engineer Addviaeonu”

. . dl ¥ o o dy U U a o a . 1 a o . .
job posting U liAdesAlaauiu — ursusenisen ML Engineer #3339 11974 Al Engineering U4
uSEN38n Al Engineer uiving1u ML LuuLiu

Tliilyleymvesna siuAstynivemain
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'“J%Qﬁiﬁlﬁﬁané’ﬂﬂQﬁmsw%’wuu — @7u97n primary question uaz output fidswau a1y posting AN
“train”, "fine-tune”, "distributed training”, “model architecture”, “loss function” Wulanane As ML
Engineer 5’11@9}5\1 "RAG", “prompt”, “evals”, "agents”, “tool calling”, “LLM API" Wulanane fe Al
Engineer

lailann posting avdn usidulugj pattern aan

ADWLED 3: “Al Engineer = Prompt Engineer Nlaguta”

Tusinedud 2023 “Prompt Engineer” 1u buzzword fifesnunn dautausuiioundnuau USD ivaliau
W WUau prompt agafied uitul 2026 Ms1egil anudnlawasuluudn

Prompt engineering \Uu subset nilswas skill — ddgyuiueu usldlyviavun Al Engineer ¢ias3dn RAG,
evals, deployment, tool calling, vector database, observability, cost optimization, 1Jauda local
model management fnAa3uA prompt — AauAeAuNlYd ChatGPT s lyly Al Engineer

¥ ¥
a =

ABAnuvauuande: prompt engineering U gaisudu lily gpdudn vesaweandni

q

Atudglna Al Engineer uaAlhuuad — Self-Assessment 10 Ud

nau Yes/No 10 dedsansil lidieshnuin meuaindanina iaevinesase lituineesu ey YouTube
nIoLAL3IN

Checklist: Self-Assessment — atulna Al Engineer ualnu?
1. 1@el58n LLM API (OpenAl, Anthropic, Gemini #358/281u) 21n code UBIRAILBY LWAILB1 response
Tulgsalulusunsu

D 2. §31 token foagls wazidnladnvinlu context window fsdrAeysie cost wag quality vasRIROU

3. lagaanuuu system prompt @usuldeauluszuuass (ldlduanunly ChatGPT dausa) — tredn
1584 role, constraint, output format

4. 511 RAG (Retrieval-Augmented Generation) Aaazls uazit1lain pipeline winUsznauseezls
U9
[]5 39n embeddings Apazls wazidnlamudunusiu vector database

6. @158 deploy web application %358 API 98962189 (19U 718 FastAP| + Docker #30
serverless) lalaglinaslinudutie

]7 WEANSaISIARMAIN LLM output ag1aliuszuy — uinndn “sruuddidninldla”
D 8. $31tool calling / function calling Aeazls uaz enable alsluszuu LLM
D 9. 81u error 310 LLM API call (rate limit, context overflow, invalid request) uduAtyniesla

D 10. \Awfn tradeoff s34 cost, latency, quality Tussuunisiesaie — wasiden config lnedl
LR

ad
A59TUNHA:
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AZUUY Yes AMaEnNSI v fnsaly

0-3 Al User Zone — 1% Al tools 1¥u 131910 foundation: API call usn

wedalaila build szuues (um 6), Wila LLM Tuyu engineer
(un 5)

4-6 Transitioning Zone — g1 nilsFeiauiinedannseiu
software wa7 5uumz LLM stack  @anunisalaausnnign — a1uised
Tuunegn unldiag

7-10 On Track Zone — agluduna nilsdeaLyay structure AU
Al Engineer uan N5EINNTLRAY WaTLANYANGIUA

(Inganng evals, local LLM, ops)

agmnlagnlanzuuuiios — checklist dgnaanuuulviasvioudn Al Engineer siosi lilvdsninausioss “u

q
(3

=20

" dl ! v é’ v v 1 IS 1 Ya 1
AUNDIUNUIADUIUAITNDOU Yes VLﬂV!ﬂ‘UEJBEJ']QiJﬂ’J']SJWﬁJ’]EJ VLJJ'SL‘UGIE]ULWT]%LQEJVLG]EJNN']HG]

[ [ _= [ ] — L
nuannikuusgaasuisuau
nouazUaunil i mistake pattern 4 agnefinuiaeussluauiiaiuasuaisun Al Engineer — awmaniaeg
loazusendananduiou

1. nszlanld fine-tuning Aauiiag build ag15A18 API nansauneladiudnin fine-tuning AARINTUAD
“999939" WA ltan 2 #avivin LoRA tutorial — isitleyvniidieseesnnudly system prompt + RAG 1
au dnunldlade prompt > RAG - fine-tune (wae 80% wadsuassliseslutiadagaring)

2. Anagin “15eu Python ML Triuiuneu” d1iaaudisu Python 1@szau build CLI tool uazi3en HTTP API
19 — A “we” dusuisuudn lidesseau master pandas wag NumPy fiau

3. 74 ChatGPT wW1u web Ul ununisi3en AP aasegaiinuaglanluyu engineer prompt fivitauanglu
ChatGPT sinwaidiedelu API (tws1z system message @n9ny, default parameter fany, 1aifl hidden
context 910 previous session) andelilaiSen APl a1 code — 13ua1nATILU

< 1w

4. ypatu evals “13idl test Agranduldla” Aemedanauliiads sz LLM la deterministic 1aegu

prompt Juil udwgeilidinduntuniaudas dauen hobbyist 8anain engineer fis "InladATuL3Y"

Key idea: Al Engineer iiaanainlailafn9ain hobbyist iws1gld prompt 1nen31 — Aransie Iaua

&

17



dasudu uadiqucio

« Al Engineer Aaaufiusznau foundation model 11y system 934 lildauiiadns model a1n
scratch

« Role fiatluguidusie Tuga 3 Yargn sz LLM wiouldnu APl ud — AauAidneain model
layer un# application layer

* 119910 ML Engineer #iEln/optimize model, #1991n Data Scientist fidsuou insight, A1931n Al
Researcher # advance the science, wazLsu overlap fiu SWE 1% Al tools waannILWs1e LLM
aglu critical path ¥4 product

« liidairis math 1Geigail — fAeatnla concept weflazdndula

« 81U job posting 7 responsibilities lildndesunus

Try this: Ao role NUIWaU dev AULGD

1 k4 4
a A Y 1 a

AowRUUNT 2 aeewidil — siusznadeuirunilinegluiinauasaluy
1. 1Ua job board (LinkedIn, JobsDB, JobThai #58 Wellfound) Aun8@131 “Al Engineer”, “Machine
Learning Engineer”, “Data Scientist” @aua1uug
2. 81U responsibilities vosusagsiuius — LABe81U requirements
3. maululadn “shuwisilgn label asafuauasalua?” d1linse — sfuasidu role Tuw?

4.4 link 1 confuse Ngalvitivau dev AN waraeesuIelirsfBn wINlgluuni

A19i1la — wuadn mental model Anwa

fodalugunii 2

dy Y Y 1 . = 2/ dy i o Y a ¥ ] . L4 =
mauilaadudaadn Al Engineer Aolas wazeglnd role tualvu Aaudaunie — Aol skill azlsinedisaz
nruillaese?
undnluazunn skill stack vea Al Engineer aanidu 10 uan wiadu layer (foundation / LLM-
e g 1Y v a a o a ] 1Y) A Yyva o ey v a
specific / ops) dulunufsslinewsy sulnuSsuseninam suluunalinvasnla wseu roadmap 6 ey
usnnvitmulaase — lalad list 100 inwesnvinlvvianausy

v
Y [

01 self-assessment F1suuvinlinu3dning gap waregn — unil 2 AsuNunNIzanduiazuuy
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